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Tracking method for solving occlusion problem
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Abstract: Aiming at the drift caused by occlusion in the field of image tracking, a fusion method based
on Mean Shift and histogram ratio background weighted algorithm and Kalman predictive filter was
proposed. The Bhattacharyya coefficients were optimized by improving the target model. The
difference between the Bhattacharyya coefficients in the normal tracking state and in the occlusion
state was increased. The effectiveness of occlusion judgement was improved so the performance of
tracking in occlusion was improved. The experiments show that this method can effectively solve the
occlusion tracking problem.
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Fig.1 Picture of background histogram modeling
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